Physical causality, like object permanence, is one of the most important concepts that robots working in our daily lives should have. The fundamental faculty enabling physical causality is prediction of objects' movements. If an object or the environment changes, the prediction should cope with this change. We propose a situation-dependent predictor which can change prediction depending on the object's shape and the environment. In order for a robot to obtain the concepts by itself, we propose an attention model with which a robot decides what to attend and when to serch a new object. This paper presents this situation-dependent predictor and shows that the system can predict object's flow depending on situation, and consequently robots acquires the physical causality with the attention model.
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